Online Appendix

Descriptive Statistics

[bookmark: _Ref434845017]Table A1: Included MENA countries
	Country
	Obs. 

	Algeria
	43

	Bahrain
	25

	Egypt
	57

	Iran
	53

	Iraq
	22

	Jordan
	60

	Kuwait
	41

	Lebanon
	40

	Libya
	28

	Mauritania
	8

	Morocco
	46

	Oman
	34

	Qatar
	35

	Saudi Arabia
	34

	Sudan
	25

	Syria
	53

	Tunisia
	46

	Turkey
	9

	United Arab Emirates
	18

	Yemen Arab Republic
	23

	Yemen People's Republic
	5





[bookmark: _Ref433974476]Table A2: Summary statistics
	Variable
	Obs.
	Mean
	Sd
	Min
	Max

	Combat officer coup
	1453
	0.0399174
	0.1958326
	0
	1

	Elite officer coup
	1453
	0.0185822
	0.1350907
	0
	1

	Welfare/budget
	703
	0.2585054
	0.1277487
	0.0354097
	0.7405846

	Welfare/GDP
	573
	0.0869019
	0.0409803
	0.011285
	0.2596533

	Welfare per capita (logged)
	554
	6.10859
	.9052061
	3.029969
	8.266589

	Mil. spending/budget
	837
	0.2023831
	0.1849131
	0
	2.377746

	Mil. spending per soldier (logged)
	1000
	2.246222
	1.328802
	0
	7.790558

	Counter-balancing
	909
	1.679527
	.5568616
	1
	3.6424

	Liberalization
	1136
	0.0176056 
	1.564937 
	-15
	14

	Past coups
	1453
	2.492085
	3.158263
	0
	14

	Ethnic fractionalisation
	1254
	0.4705268
	0.217543
	0.0394
	0.79203

	GDP p.c. (logged)
	1214
	8.577921
	.9377579
	6.538483
	11.06578

	Growth
	1195
	0.0197782
	0.0822648
	-0.6149352
	0.7684993

	Resource rents p.c. (logged)
	1251
	5.077719
	3.705614
	0
	11.41524

	Domestic conflict
	1452
	0.1859504
	0.4296019
	0
	3

	Instability (logged)
	1109
	0.4989938 
	0.7695243 
	0
	4.532599 

	Military regime
	1173
	0.3785166
	0.4852242
	0
	1

	Ethnic exclusion
	1027
	0.2358564
	0.2780609
	0
	0.85

	Urbanisation
	1320
	55.25038
	24.18107
	3.1
	99.2

	Child mortality (logged)
	1220
	4.326702
	0.9550422
	2.106284
	5.961743

	Land inequality
	754
	0.4029956
	0.1951678
	0.022
	0.8892

	Literacy rate
	1043
	47.44219
	25.06183
	2.5
	99.5

	War
	1452
	0.0323691
	0.1770395
	0
	1

	Political parties
	937
	0.5741729
	0.4947318
	0
	1





MENA officer salaries by rank
In the absence of off-the-shelf data on military remuneration, we collected data on officers’ salaries from a number of different sources. In the best case, data are taken from the relevant legislative act itself. More typically however, we used newspaper articles from Arabic and English language newspapers as well as academic studies. Given the secrecy that surrounds military compensation in some MENA countries, we also had to rely on Arabic language blogs specialized in military affairs. Wherever possible, we cross-checked the data by comparing several sources. 

As for income data, we used gold-standard household or labor force survey data wherever possible. Alternatively, we relied on data from statistical agencies reported in regional news sources and academic studies. Wherever possible, we indicate both the median monthly household income (or similar measure) and the average (private and public sector) monthly salary. Given large skewness in income distribution between mostly informal agricultural laborers and urban workers, and in light of the considerable size of public sector employment in MENA (Hertog 2016), average monthly wages seem in many cases a more meaningful reference category for officers than the median income. Finally, in a few cases we are unable to perfectly match the year of measurement of the salary and income date, in which case we took the closest available income data. 

Overall, the below figures should be viewed as indicative only since it was not always possible to cross-check the data with alternative data sources. The data nonetheless support our assertion that junior and mid-ranking combat officers broadly belong to the (lower) middle classes, with salaries oscillating around the median household income or mean average salary in most countries.

Table A3: MENA officer salaries by rank

	Country
	Low
	Middle
	High
	Income data

	Morocco 2016

	Soldier: 2,500/month

	Lieutenant: 
6,200/month

	Army general: 140,000/month

	Average disposable household income/month: 1,607

Median monthly salaries: 2,377 private sector, 6,400 public sector


	Egypt 2013
	
	First Lieutenant: 5,200/month

	General: 10,600/month
	Median disposable household income/month: 2,083

Average monthly salaries: 4,269 public sector, 1,944 private sector


	Lebanon 2012
	Soldier: 860,000/month
	Lieutenant: 1,341,000/month

	General: 4,150,000/month
	Median disposable household income/moth: 1,637,510

Average monthly salary: 1,415,580 (2014)


	Saudi Arabia 2016
	Soldier: 2,800/month
	Lieutenant: 6,600/month

	General: 18,600/month
	Median disposable household income/month: 6,500

Average monthly salary: 6,970 (2015)


	Syria 2003
	Soldier: 2,960/month
	Lieutenant: 5,485/month

	General: 20,725/month
	Median disposable household income/month: 5,500

Average monthly salary: 6,380


	Algeria 2013
	Soldier: 
36,000/month
	Lieutenant: 
69,000/month
 
	Brigadier General: 210,000/month
	Median net disposable household income/month: 22,641 (2011)

Average salary: 36,000/month (private sector 29,200/month; public sector: 51,000/month)


	Kuwait 2011
	Soldier: 280/month
	Lieutenant: 550/month

	Field Marshall: 2,130/month
	Average net disposable household income: 732/month (2013)

Average monthly wage: 970 


	Yemen 
2016
	Soldier: 
20,000/month
	Second Lieutenant: 130,000/month
	General: 200,000
	Average monthly household income: 49,100/month


	Tunisia 2013
	
	Second Lieutenant: 
750/month
	
	Average monthly wage: 557/month (2012)



Note: All amounts are given in local currency units. Income data are measured in the same year as officer salaries unless otherwise stated. All salaries designate starting salaries.

Sources
Morocco
http://alwadifa-club.com/%D9%85%D8%B3%D8%AA%D8%AC%D8%AF%D8%A7%D8%AA/3351.html (salaries)
http://www.concour-maroc.com/t17577-topic (salaries) 
http://www.challenge.ma/le-revenu-des-menages-a-augmente-de-42-en-2015-77513/ (income) 
http://www.entreprendre.ma/Seuls-6-des-salaries-du-prive-gagnent-plus-de-10-000-DH-nets-par-mois-_a5978.html (income) 

Egypt
http://klmty.net/176997-%D8%A8%D8%A7%D9%84%D8%A3%D8%B1%D9%82%D8%A7%D9%85____%D8%A7%D9%84%D8%B3%D9%8A%D8%B3%D9%8A__%D9%8A%D8%B1%D9%81%D8%B9_%D9%85%D8%B1%D8%AA%D8%A8%D8%A7%D8%AA_%D8%A7%D9%84%D8%AC%D9%8A%D8%B4_%D9%88_%D8%A7%D9%84%D8%B4%D8%B1%D8%B7%D8%A9_%D8%A3%D8%B6%D8%B9%D8%A7%D9%81_%D9%85%D8%B6%D8%A7%D8%B9%D9%81%D8%A9_%D9%88_%D9%8A%D9%82%D9%88%D9%84_%D9%84%D9%84%D8%B4%D8%B9%D8%A8__%D9%85%D8%A7_%D9%81%D9%8A%D8%B4_.html (Salaries) 
http://www.eipss-eg.org/%D9%85%D8%B5%D8%B1_%D8%AF%D9%88%D9%84%D8%A9%20%D8%A7%D9%84%D8%B9%D8%B3%D9%83%D8%B1/2/0/274 (salaries) 
http://english.ahram.org.eg/NewsContent/3/12/102394/Business/Economy/Egypts-average-weekly-salaries-rise--in--CAPMAS.aspx (income) 
http://www.erfdataportal.com/index.php/catalog/96/download/1163 (income) 
CAPMAS (2014) 

Lebanon 
http://www.elnashra.com/news/show/744774/%D8%B1%D9%88%D8%A7%D8%AA%D8%A8-%D8%A7%D9%84%D8%B9%D8%B3%D9%83%D8%B1%D9%8A%D9%8A%D9%86-%D8%A8%D9%8A%D9%86-%D9%84%D8%AC%D9%86%D8%AA%D9%8A-%D9%83%D9%86%D8%B9%D8%A7%D9%86-%D9%88%D8%B9%D8%AF%D9%88%D8%A7%D9%86-%D9%88%D8%A7%D9%84%D8%B9%D8%AF%D9%88%D8%A7%D9%86-%D8%B9%D9%84 (salaries) 
http://climatechange.moe.gov.lb/viewfile.aspx?id=218 (income) 
http://www.nationmaster.com/country-info/stats/Cost-of-living/Average-monthly-disposable-salary/After-tax (income) 

Saudi Arabia 
http://www.alriyadh.com/101761 (salaries) 
http://www.almamlka-news.com/170802/%D8%B3%D9%84%D9%85-%D8%B1%D9%88%D8%A7%D8%AA%D8%A8-%D8%A7%D9%84%D8%B9%D8%B3%D9%83%D8%B1%D9%8A%D9%8A%D9%86-2016-%D8%A7%D9%84%D8%B6%D8%A8%D8%A7%D8%B7-%D9%88%D8%A7%D9%84%D8%A7%D9%81%D8%B1%D8%A7%D8%AF (salaries) 
http://www.ajel.sa/local/1702536 (income) 
http://www.argaam.com/ar/article/articledetail/id/451280 (income) 

Syria 
http://www.parliament.gov.sy/arabic/index.php?node=5571&cat=16006 (salaries)
http://www.agriportal.gov.sy/napcsyr/dwnld-
http://www.cbssyr.sy/work/2012/TAB25.htm (income) 
http://www.agriportal.gov.sy/napcsyr/dwnld-files/working_papers/en/18_womenrole_ss_en.pdf (income) 

Algeria
http://taiba-dz.forume.biz/t11473-topic (salaries) 
http://www.elmouwatin.dz/?Le-salaire-moyen-mensuel-a-depasse&lang=fr (income) 
http://www.asjp.cerist.dz/en/downArticle/154/10/1/6702 (income) 

Kuwait
http://www.alanba.com.kw/ar/kuwait-news/172689/16-02-2011-%D8%B2%D9%8A%D8%A7%D8%AF%D8%A7%D8%AA-%D8%A7%D9%84%D8%B9%D8%B3%D9%83%D8%B1%D9%8A%D9%8A%D9%86-%D9%84%D9%84%D8%B6%D8%A8%D8%A7%D8%B7-%D9%88-%D9%84%D8%B6%D8%A8%D8%A7%D8%B7-%D8%A7%D9%84%D8%B5%D9%81-%D9%88%D8%A7%D9%84%D8%A7%D9%81%D8%B1%D8%A7%D8%AF-%D9%88-%D9%84%D9%84%D9%85%D9%87%D9%86%D9%8A%D9%8A%D9%86 (salaries) 
CSB (2013). https://www.csb.gov.kw/Socan_Statistic_EN.aspx?ID=16 (income) 
http://www.alanba.com.kw/ar/economy-news/686345/25-09-2016--%D8%AF%D9%8A%D9%86%D8%A7%D8%B1%D8%A7-%D9%85%D8%AA%D9%88%D8%B3%D8%B7-%D8%AF%D8%AE%D9%84-%D8%A7%D9%84%D9%81%D8%B1%D8%AF-%D8%A8%D8%A7%D9%84%D9%83%D9%88%D9%8A%D8%AA-%D8%B4%D9%87%D8%B1%D9%8A%D8%A7- (income)

Yemen
http://www.momyznews.com/world/5524.html (salaries)
http://policy-practice.oxfam.org.uk/publications/from-the-ground-up-gender-and-conflict-analysis-in-yemen-620112 (income)

Tunisia
Bou Nassif (2015)
http://www.cres.tn/uploads/tx_wdbiblio/Enquete_structure_salaire.pdf (income) 



Casualties by coup type

Table A4: Casualties by coup type
	
	
	with any casualties
	%

	Total number of COCs with casualty data
	56
	31
	60

	Total number of EOCs with casualty data
	25
	8
	30


Note: Casualty data taken from Marshall and Marshall (2014) and the Social, Political, and Economic Event Database (SPEED) Project. 









Robustness Tests

Alternative Time Specifications
Alternatively to the time spells used in our baseline model, we use cubic splines (Beck, Katz, and Tucker 1998) (Table A5, columns 1-2) and decade dummies (columns 3-4) to capture time dependence. We also use an alternative spell measure (columns 5-6) that captures the time elapsed since any coup attempt, whether EOC or COC. Substantively, our results remain unchanged except that for column 4 the coefficient of Liberalization does not quite reach conventional levels of significance (p=0.146). 


[bookmark: _Ref480887274]Table A5: Alternative time specifications
	
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)

	Welfare/budget t-1
	-5.263
	-0.698
	-2.285
	-1.293
	-3.571
	0.668

	
	(1.928)***
	(1.636)
	(1.329)*
	(1.875)
	(1.685)**
	(2.022)

	Mil. spending per soldier (logged) t-1
	-0.070
	0.316
	0.084
	0.400
	0.069
	0.612

	
	(0.184)
	(0.224)
	(0.166)
	(0.231)*
	(0.173)
	(0.243)**

	Mil. spending/budget t-1
	0.486
	-6.473
	-0.393
	-7.378
	0.217
	-9.061

	
	(0.388)
	(2.053)***
	(0.499)
	(3.107)**
	(0.354)
	(2.670)***

	Counter-balancing t-1
	-0.144
	-1.104
	0.110
	-1.074
	-0.130
	-1.096

	
	(0.292)
	(0.384)***
	(0.350)
	(0.495)**
	(0.320)
	(0.555)**

	Liberalization t-1
	-0.234
	0.092
	-0.287
	0.077
	-0.247
	0.102

	
	(0.113)**
	(0.036)***
	(0.165)*
	(0.053)
	(0.120)**
	(0.050)**

	Past coups t-1
	0.013
	-0.250
	0.015
	-0.403
	0.028
	-0.414

	
	(0.053)
	(0.153)
	(0.049)
	(0.188)**
	(0.056)
	(0.202)**

	GDP p.c. (logged) t-1
	-0.292
	-0.289
	-0.245
	-0.454
	-0.314
	-0.260

	
	(0.227)
	(0.387)
	(0.195)
	(0.326)
	(0.208)
	(0.424)

	Growth t-1
	-1.919
	-4.490
	-1.643
	-5.897
	-1.802
	-3.499

	
	(2.763)
	(2.986)
	(2.245)
	(2.761)**
	(2.622)
	(3.431)

	Resource rents p.c. (logged) t-1
	-0.079
	-0.098
	-0.057
	-0.115
	-0.064
	-0.150

	
	(0.062)
	(0.063)
	(0.053)
	(0.053)**
	(0.063)
	(0.084)*

	Domestic conflict t-1
	0.145
	0.001
	-0.102
	0.067
	0.052
	0.101

	
	(0.384)
	(0.227)
	(0.401)
	(0.149)
	(0.346)
	(0.215)

	Ethnic fractionalization t-1
	0.955
	-0.528
	0.878
	-0.685
	0.995
	0.494

	
	(0.942)
	(0.924)
	(0.720)
	(0.703)
	(1.021)
	(0.609)

	Instability (logged) t-1
	-0.077
	0.493
	-0.148
	0.521
	-0.013
	0.638

	
	(0.286)
	(0.209)**
	(0.345)
	(0.212)**
	(0.293)
	(0.154)***

	N
	466
	466
	380
	380
	466
	466

	Splines
	Yes
	Yes
	No
	No
	Yes
	Yes

	Decade dummies
	No
	No
	Yes
	Yes
	No
	No

	Alternative spell
	No
	No
	No
	No
	Yes
	Yes


Pooled probit with cluster-robust standard errors. * p<0.1; ** p<0.05; *** p<0.01

Linear Probability Models (LPMs)
[bookmark: Mendeley_Bookmark_3y9g6DWYmc]As probit models are rather sensitive to the addition of irrelevant covariates (Beck 2015), we replicate our baseline regression using a random effects linear probability model with either spell polynomials (Table A6, columns 1-2) or a lagged dependent variable (columns 3-4) to model time dynamics. The LPMs also allow us to control for interstate War as an additional covariate (columns 5-6), with data taken from Pettersson and Wallensteen (2015). We find our baseline results for social spending and counter-balancing broadly confirmed. Military spending/budget and Liberalization, however, cease to be significant in the below models. Given the known drawbacks of LPMs (non-normality of the error term, heteroskedastic errors, etc.), we would not place too much weight on this non-finding. That said, as we mention in the article the findings for military spending and political liberalization are generally not as robust as our other findings on counter-balancing and welfare spending, and should thus be viewed with caution.


Table A6: Linear probability models (LPMs)
	
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)

	Welfare/budget t-1
	-0.325
	0.012
	-0.366
	0.013
	-0.363
	0.015

	
	(0.134)**
	(0.033)
	(0.134)***
	(0.033)
	(0.146)**
	(0.033)

	Mil. spending per soldier (logged) t-1
	0.001
	0.000
	0.005
	0.000
	0.005
	0.000

	
	(0.011)
	(0.006)
	(0.009)
	(0.006)
	(0.010)
	(0.006)

	Mil. spending/budget t-1
	0.003
	-0.033
	-0.017
	-0.033
	-0.011
	-0.027

	
	(0.036)
	(0.025)
	(0.034)
	(0.026)
	(0.038)
	(0.025)

	Counter-balancing t-1
	-0.003
	-0.019
	-0.003
	-0.018
	-0.003
	-0.019

	
	(0.016)
	(0.011)*
	(0.017)
	(0.011)
	(0.018)
	(0.012)*

	Liberalization t-1
	-0.016
	0.000
	-0.016
	0.000
	-0.017
	0.000

	
	(0.012)
	(0.001)
	(0.013)
	(0.001)
	(0.013)
	(0.002)

	Junior coup t-1
	
	
	0.096
	
	
	

	
	
	
	(0.060)
	
	
	

	Senior coup t-1
	
	
	
	-0.017
	
	

	
	
	
	
	(0.011)
	
	

	War t-1
	
	
	
	
	-0.045
	-0.034

	
	
	
	
	
	(0.027)*
	(0.014)**

	N
	466
	466
	466
	466
	466
	466

	Time Polynomials
	Yes
	Yes
	No
	No
	Yes
	Yes

	LDV
	No
	No
	Yes
	Yes
	No
	No


Random effects OLS linear probability model with cluster-robust standard errors. Standard controls are included but omitted from the table. * p<0.1; ** p<0.05; *** p<0.01


Additional/Alternative Controls
[bookmark: Mendeley_Bookmark_JWDZufCWUm]We include additional controls for military regimes, the presence of political parties, and urbanization based on significant findings elsewhere in the coup literature (Table A7, columns 1-6) (Hiroi and Omori 2013; Powell 2012; Singh 2014).[footnoteRef:1] In line previous findings, military regimes seem to increase the likelihood of elite officer coups, though results are not entirely consistent. The presence of political parties, in turn, has a negative sign throughout, suggesting that political parties can serve as a means of “political counter-balancing”, although the coefficient is only significant in the last specification. The same applies to urbanization, which overall does not seem to have a significant effect. In columns 7-8, we substitute Ethnic exclusion for Ethnic fractionalization, using data from Cederman, Wimmer, and Min (2010). To do so, we had to remove the control for political parties from elite officer regression in order for the model to converge. The finding on Ethnic exclusion is intriguing: while it seems to increase the likelihood of a COC, it decreases the likelihood of an EOC. One possible interpretation would be that elite officer most often hail from the dominant ethnic group and hence do not suffer from ethnic grievances, while combat officers could hail from the dominated or junior partner ethnicity. With the partial exception of Liberalization which narrowly fails to reach significance in some specifications, all our core findings are remain unchanged. [1:  The binary indicators for military regimes and the presence of political parties are derived from regime types coded in Geddes et al. (2014). Urbanization data come from UNDP (2015).] 






[bookmark: _Ref480894747]Table A7: Additional and alternative controls
	
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)

	Welfare/budget t-1
	-5.081
	-0.416
	-4.620
	-1.170
	-4.413
	-1.116
	-16.904
	0.762

	
	(2.267)**
	(1.512)
	(2.397)*
	(1.871)
	(2.375)*
	(1.827)
	(8.220)**
	(3.138)

	Mil. spending per soldier (logged) t-1
	-0.118
	0.349
	-0.176
	0.564
	-0.181
	0.522
	-0.775
	0.947

	
	(0.229)
	(0.257)
	(0.216)
	(0.341)*
	(0.220)
	(0.311)*
	(0.433)*
	(0.532)*

	Mil. spending/budget t-1
	0.642
	-6.966
	0.538
	-4.898
	0.533
	-4.586
	2.808
	-10.180

	
	(0.553)
	(2.507)***
	(0.639)
	(1.659)***
	(0.643)
	(1.289)***
	(3.024)
	(4.841)**

	Counter-balancing t-1
	-0.155
	-1.014
	-0.029
	-2.037
	-0.032
	-2.062
	-3.085
	-1.230

	
	(0.346)
	(0.352)***
	(0.389)
	(0.416)***
	(0.392)
	(0.355)***
	(2.172)
	(0.312)***

	Liberalization t-1
	-0.241
	0.086
	-0.061
	0.135
	-0.055
	0.131
	0.137
	0.085

	
	(0.109)**
	(0.052)*
	(0.079)
	(0.063)**
	(0.077)
	(0.070)*
	(0.125)
	(0.070)

	Military regime t-1
	-0.443
	0.734
	-0.361
	1.890
	-0.391
	2.018
	-4.590
	1.480

	
	(0.505)
	(0.800)
	(0.540)
	(0.678)***
	(0.548)
	(0.865)**
	(2.038)**
	(1.187)

	Political parties t-1
	
	
	-0.610
	-0.082
	-0.663
	-0.041
	-1.958
	

	
	
	
	(0.478)
	(0.661)
	(0.533)
	(0.563)
	(1.053)*
	

	Urbanisation t-1
	
	
	
	
	-0.003
	0.007
	-0.014
	-0.069

	
	
	
	
	
	(0.011)
	(0.026)
	(0.021)
	(0.032)**

	Ethnic exclusion t-1
	
	
	
	
	
	
	0.214
	-0.033

	
	
	
	
	
	
	
	(0.082)***
	(0.016)**

	N
	466
	466
	448
	448
	448
	448
	394
	412

	Time Polynomials
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes


Pooled probit with cluster-robust standard errors. Standard controls are included but omitted from the table. 
* p<0.1; ** p<0.05; *** p<0.01



Alternative Measurements of Social Spending
It could also be the case that our findings for social spending are driven by the way we measure welfare spending. To rule out any measurement effects, we replicate our model for COC and EOC using three alternative measures of welfare: welfare spending as a share of GDP (Table A8, columns 1-2); welfare spending per capita (logged) (columns 3-4), and a three-year moving average of the share of welfare spending in the budget (columns 5-6). Our main finding regarding welfare remains significant in all three specifications. The same applies to counter-balancing. As for Military spending/budget and Liberalization, the coefficients are not consistently significant. We thus reiterate that these findings should be viewed with caution. 


[bookmark: _Ref480896010]Table A8: Alternative measurements of welfare spending
	
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)

	Welfare/GDP t-1
	-18.279
	4.235
	
	
	
	

	
	(8.746)**
	(8.775)
	
	
	
	

	Mil. spending per soldier (logged) t-1
	0.156
	0.708
	0.074
	0.717
	-0.110
	0.536

	
	(0.181)
	(0.357)**
	(0.189)
	(0.341)**
	(0.212)
	(0.293)*

	Mil. spending/budget t-1
	0.628
	-8.469
	0.953
	-8.326
	0.364
	-10.451

	
	(0.609)
	(5.437)
	(0.739)
	(5.532)
	(0.384)
	(4.183)**

	Counter-balancing t-1
	-0.326
	-2.882
	-0.280
	-2.944
	-0.249
	-0.956

	
	(0.421)
	(0.785)***
	(0.410)
	(0.749)***
	(0.326)
	(0.243)***

	Liberalization t-1
	-0.023
	-0.117
	-0.037
	-0.124
	-0.278
	0.125

	
	(0.037)
	(0.199)
	(0.032)
	(0.221)
	(0.124)**
	(0.076)*

	Past coups t-1
	0.119
	-1.430
	0.107
	-1.457
	0.035
	-0.399

	
	(0.059)**
	(0.395)***
	(0.058)*
	(0.371)***
	(0.053)
	(0.204)*

	GDP p.c. (logged) t-1
	-0.677
	-3.261
	0.152
	-3.553
	-0.436
	0.004

	
	(0.353)*
	(0.587)***
	(0.498)
	(0.803)***
	(0.272)
	(0.429)

	Growth t-1
	-3.565
	-9.488
	-3.541
	-9.630
	-1.880
	-1.738

	
	(2.785)
	(4.232)**
	(2.840)
	(4.368)**
	(2.745)
	(3.213)

	Domestic conflict t-1
	0.110
	-0.258
	0.000
	-0.244
	0.100
	0.002

	
	(0.374)
	(0.520)
	(0.413)
	(0.511)
	(0.355)
	(0.227)

	Ethnic fractionalization t-1
	1.969
	1.107
	2.112
	0.967
	0.827
	-0.343

	
	(1.211)
	(1.145)
	(1.282)*
	(1.207)
	(1.090)
	(0.897)

	Resource rents p.c. (logged) t-1
	-0.038
	-0.081
	-0.012
	-0.081
	-0.066
	-0.207

	
	(0.077)
	(0.078)
	(0.076)
	(0.079)
	(0.073)
	(0.091)**

	Instability (logged) t-1
	0.127
	0.588
	0.097
	0.596
	-0.097
	0.736

	
	(0.259)
	(0.407)
	(0.266)
	(0.401)
	(0.295)
	(0.321)**

	Welfare per capita (logged) t-1
	
	
	-0.856
	0.287
	
	

	
	
	
	(0.377)**
	(0.792)
	
	

	3-year moving average of welfare/budget
	
	
	
	
	-6.717
	-2.013

	
	
	
	
	
	(2.463)***
	(2.234)

	N
	412
	412
	412
	412
	426
	426

	Time Polynomials
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes


Pooled probit model with cluster-robust standard errors. * p<0.1; ** p<0.05; *** p<0.01

Rare Events Logit
As the low baseline probability in our marginal effects plots illustrates, EOC and COC both represents relatively rare events. We therefore replicate our main regression using a rare events logit model (Table A9).[footnoteRef:2] [2:  We used the relogit command developed by Gary King. ] 



Table A9: Rare events logit
	
	(COCs)
	(EOCs)

	Welfare/budget t-1
	-12.417
	0.519

	
	(5.278)**
	(3.163)

	Mil. spending per soldier (logged) t-1
	-0.241
	0.440

	
	(0.462)
	(0.527)

	Mil. spending/budget t-1
	0.938
	-13.407

	
	(0.901)
	(6.334)**

	Counter-balancing t-1
	-0.348
	-1.966

	
	(0.783)
	(0.962)**

	Liberalization t-1
	-0.478
	0.218

	
	(0.265)*
	(0.111)*

	Past coups t-1
	-0.012
	-0.475

	
	(0.138)
	(0.400)

	GDP p.c. (logged) t-1
	-0.509
	-0.387

	
	(0.518)
	(1.187)

	Growth t-1
	-2.462
	-8.218

	
	(7.357)
	(8.271)

	Resource rents p.c. (logged) t-1
	-0.192
	-0.212

	
	(0.150)
	(0.186)

	Domestic conflict t-1
	0.276
	-0.064

	
	(0.811)
	(0.618)

	Ethnic fractionalization t-1
	2.230
	1.300

	
	(2.432)
	(3.462)

	Instability (logged) t-1
	-0.122
	1.101

	
	(0.645)
	(0.611)*

	N
	466
	466

	Time Polynomials
	Yes
	Yes


Rare events logit model with clustered standard errors. 
* p<0.1; ** p<0.05; *** p<0.01





Fixed Effects Logit
Pooling observations in our probit model makes our findings liable to omitted variable bias as not all relevant country-level characteristics can be controlled for. We therefore estimate a fixed effects logit model which only takes within-country variation into account. As a result, drops all groups with no variation on the dependent variable from the analysis. Unfortunately, the model can only be estimated for COCs due to convergence problems of the EOC model. We therefore have to caveat our findings in the sense that we cannot clearly rule out that the findings for EOCs are driven by omitted country characteristics. As for combat officer coups, the fixed effects logit model (Table A10) supports our previous finding suggesting that an increase of the welfare budget in the previous period significantly reduces the risk of such coups in the current period. The model also suggests that increased military spending as a share of the budget heightens the risk of a combat officer coup. Considering the fact that this finding does appear consistently across different models, we would refrain from over-interpreting this finding. Finally, as in other robustness tests before, the coefficient of Liberalization carries the right sign yet fails to reach statistical significance. 




[bookmark: _Ref480897849]Table A10: Fixed effects logit model
	
	(COCs)

	Welfare/budget t-1
	-30.945

	
	(13.277)**

	Mil. spending per soldier (logged) t-1
	1.239

	
	(1.100)

	Mil. spending/budget t-1
	17.278

	
	(4.900)***

	Counter-balancing t-1
	0.561

	
	(0.705)

	Liberalization t-1
	-0.252

	
	(0.317)

	Past coups t-1
	-3.572

	
	(0.712)***

	GDP p.c. (logged) t-1
	-3.762

	
	(4.147)

	Growth t-1
	14.439

	
	(4.130)***

	Domestic conflict t-1
	2.575

	
	(0.751)***

	Resource rents p.c. (logged) t-1
	-5.848

	
	(1.313)***

	Instability (logged) t-1
	-3.155

	
	(0.751)***

	N
	209

	Country FEs
	Yes


Conditional logit fixed effects model with cluster-robust standard errors. Note that the model could not be estimated for EOCs due to convergence problems. 
* p<0.1; ** p<0.05; *** p<0.01





GMM-LPM Models
Given the recurring nature of coups and the possibility that autocrats learn from past experience, it is likely that our coup-proofing strategies are affected by an endogeneity bias. Causality, in other words, can also run from coups to social spending, military spending, or counter-balancing as rulers adjust their coup-proofing strategies as a result of past coups. A standard approach to this problem would be to use an instrumental variable (IV) that is predictive of our coup-proofing strategies and meets the exclusion restriction. This means that it only impacts on coups through the coup-proofing mechanisms. However, IV regression in our case is complicated by the fact that we would have to find suitable external instruments for all of our coup-proofing strategies, which, in addition, should be orthogonal to each other to avoid weak instrumentation as a result of multicollinearity between the instruments. Given these complications, models with multiple instrumented endogenous predictors are hard to identify and, more often than not, entail greater biases than non-IV estimations.
[bookmark: Mendeley_Bookmark_QOB8uj7l0h][bookmark: Mendeley_Bookmark_e7KpFd9Yeu]As an alternative strategy, we resort to the generalized method of moments (GMM) to address potential endogeneity biases (Arellano and Bond 1991; Blundell and Bond 1998). This method uses past levels of the dependent and the independent variables as instruments and thus allows us to tackle potential endogeneity biases in all regressors of our models. Since it is reasonable to assume that potentially all of our regressors are affected by endogeneity issues, this feature of GMM is particularly attractive. While GMM was designed for continuous dependent variables, it has been used as a linear probability model in the context of binary outcomes. As our baseline model contains a number of time-invariant regressors, such as ethnic fractionalization, we opt for a system GMM model which allows us to keep these covariates in our model (Arellano and Bond 1991; Blundell and Bond 1998). Specifically, system GMM models the levels and the differences in the outcome variable using both lagged levels and differences as instruments in a dual set of equations. In this setup, fixed effects are purged out of the instruments. However, system GMM can still be biased if change over time in the outcome variable correlates with unobserved country characteristics. We therefore present models with and without year fixed effects to address this issue. 
Table A11 presents the results of our GMM estimation.[footnoteRef:3] As before, we use the first lag of all dependent variables to ensure the right temporal dependence and cluster the standard errors by country to address country-specific heteroscedasticity. The model also contains a lagged dependent variable to account for time dynamics. Furthermore, we restrict the number of lags used for the instruments to 5 to avoid over-identification by too many instruments. [3:  All estimations are based on the one-step estimation procedure. ] 

Starting with column 1 and 2, we can see that both counter-balancing and welfare spending remain statistically significant in the expected direction, indicating a reduction in the probability of elite officer and combat officer coups respectively. In column 3 and 4, we add year fixed effects into the equation to control for any underlying temporal trends. Our results remain largely unchanged, with a slightly weaker effect of social spending and a marginally stronger one for counter-balancing. Significance levels drop for welfare spending yet with p=0.06 remain within the conventionally accepted range; counter-balancing remains highly significant. The coefficients of Military spending/budget and Liberalization carry the right sign yet fail to reach statistical significance. While the above-mentioned drawbacks of LPM models also apply in the case of GMM models, the results mean that supporting evidence for the latter two variables is weaker.








[bookmark: _Ref480899197]Table A11: GMM-LPM models
	
	(COCs)
	(EOCs)
	(COCs)
	(EOCs)

	Combat officer coup t-1
	0.077
	
	0.058
	

	
	(0.067)
	
	(0.068)
	

	Elite officer coup t-1
	
	-0.020
	
	-0.005

	
	
	(0.011)*
	
	(0.009)

	Welfare/budget t-1
	-0.152
	0.005
	-0.095
	0.001

	
	(0.064)**
	(0.030)
	(0.049)*
	(0.029)

	Mil. spending per soldier (logged) t-1
	0.008
	-0.001
	0.029
	0.002

	
	(0.009)
	(0.006)
	(0.010)***
	(0.005)

	Mil. spending/budget t-1
	-0.035
	-0.032
	-0.088
	-0.038

	
	(0.043)
	(0.024)
	(0.052)*
	(0.025)

	Counter-balancing t-1
	-0.008
	-0.020
	0.000
	-0.024

	
	(0.010)
	(0.007)***
	(0.013)
	(0.008)***

	Liberalization t-1
	-0.016
	0.000
	-0.012
	0.002

	
	(0.012)
	(0.001)
	(0.011)
	(0.002)

	N
	466
	466
	466
	466

	Country FEs
	Yes
	Yes
	Yes
	Yes

	Year FEs
	No
	No
	Yes
	Yes

	Hansen p-value
	1.000
	1.000
	1.000
	1.000

	AR(2)
	0.137
	0.330
	0.258
	0.677


System GMM linear probability models with cluster-robust standard errors Standard controls are included but omitted from the table. * p<0.1; ** p<0.05; *** p<0.01
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